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Labour market forecasting 
scenarios for automation risks
Model of automation



Labour market forecasting 
scenarios for automation risks
Scenario assumptions

Parameter Description Assumptions

Automation risk 
(Technical 
potential)

OECD automation risk by occupation 
(three categories: high (>70%), 
significant (50-70%), and low (<50%)).

Low: lower bound in range

Middle: mid-point of range

High: upper bound in range

Speed of adoption 
of automating 
technologies

The year in which full technical potential
could be realised.

2035

2055

2075

Economic and 
socio-political 
barriers

Restriction on automation.
No employment protection

Employment protection.



Main scenario results
(% difference from Cedefop Skills forecast 
2018 by 2030 in EU-28): 
https://www.camecon.com/tools/labour-market-forecasting/

No employment protection Employment protection

2035 2055 2075 2035 2055 2075

High 44% 20% 13% 37% 19% 12%

Middle 31% 14% 9% 28% 13% 9%

Low 18% 8% 5% 17% 8% 5%

https://www.camecon.com/tools/labour-market-forecasting/


Labour market forecasting 
scenarios for automation risks

Recommendations for policy responses
• Flexibility and adaptability
• Preparedness
• Moderated transitions
• Target solutions
• Alertness to unintended consequences



Automation > Artificial intelligence: 
A new threat? 

“Current AI techniques 

are at or above the 

numeracy and literacy

proficiency of 89% of 

adults in OECD 

countries.” 
Source: Elliott, S.W. (2017), Computers and the Future of Skill Demand, 

OECD Publishing, Paris



But AI still needs to be supported 
by employees in the near future

Our research 
• Insider econometrics in combination with field experiment 

• Exploiting micro data to study the causal effects of AI-based 
automation on workers’ performance

• Field Experiment in multi-national telecommunication 
company kin 2019/2020: Service centre unit for private 
customers

• Subject of our research: customer advisors



AI Experiment set up
• Randomized introduction of RDA (AI) in the form of a personal 

interactive assistant: enabling treatment and control groups

• System interacts with worker during customer calls

• Goal of RDA implementation: Better service, less mistakes, 
reduction of multiple calls for same issue & more pleasant work 
situation for agents

• Four basic functions: 
• automation of routine tasks
• information retrieval

• calling up of second systems (interface) 

• reminder of work steps and process-oriented guidance



Results of AI introduction

• Drop in productivity
• Not caused by 

demotivation of 
employees
• Or that the AI is 

corrupted



Distraction and too heavy reliance 
on AI by employees 

• Drop in productivity
• Becomes bigger with 

the number of AI 
applications available
• Personal effort 

perceived by customers 
declines



Summarized by Little Britain 



AI experiment conclusions

Recommendations for policy responses

• Flexibility and adaptability
• Preparedness
• Alertness to unintended consequences
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